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RESEARCH QUESTION

Q1.1 What are the temporal and spatial dynamics of fine-scale
anthropogenic and non-anthropogenic disturbances over the Yellowhead
management area and can they be characterized across the region?
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Ecological regionalization

Goal: To identify unique areas with similar capacities to support
ecosystem health and function
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MODEL INPUTS (N = 19)

ECO-ANTHROMES w

A wall-to-wall regionalization (30 m) for AB
for the period 2006 — 2015

Two-step clustering

algorithm
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Natural Subregions of Alberta
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Table 3. Explained variance of environmental and land-cover/disturbance variables by regionalization
Results of regression analysis for each dependent variable, with each regionalization used separately as the
independent variable. R’ is the coefficient of determination and RSE is the residual standard error of each
regression test. Variable descriptions and units are provided in Section 2 and in Table 1.

Variable Natural Subregions EcoAnthromes
R’ RSE R? RSE
Climate
MAP 0.81 55.69 0.66 71.34
MAT 0.84 0.83 0.75 1.01
'-_:, TD 0.82 209 074 250
% SHM 0.83 6.25 0.59 9.47
= DD =5 0.92 80.96 0.73 144 .64
E DD <0 0.80 236.43 0.74 267.01
% Terrain
w INSOL 072 61,247 0.63 68,086
Wi 0.54 077 0.45 0.83
TPI 0.22 59.11 0.61 39.42
SED 0.13 46.69 0.57 33.78
L Land Cover and Vegetation
% BRT 048 54179 0.69 409 36
5 GRN 0.40 440.28 0.64 33410
f-':I'i WET 0.45 439.41 0.73 300.39
I NBR 045 015 072 0.1
) FOR 0.39 0.31 0.84 0.16
Ec:‘ Disturbance
g GRN-sd 0.38 164.49 0.72 106.39
8 NBR-sd 015 0.06 071 003
% Human activity
< NTL 024 149 01 0.30 100.82
ACC 0.49 120.98 0.50 131.24
o Other metrics
% Fire (FIRE) 0.13 124.25 0.40 104.03
= Harvest (HRVST) 0.05 65.24 0.07 64.33
o Species Intactness (SPF) 0.52 14.5 0.63 12.5




Automated rural road
detection and
classification
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ROAD NETWORK
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GOOD RESULTS

GOOD RESULTS AFTER POST-PROCESSING
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BEFORE UPDATING

Road density
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Adult grizzly bear movement
in spring (2006 — 2015)
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